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1 Distribution Overview

1.1 Discrete Distributions

Notation
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We use the notation �(s, x) and �(x) to refer to the Gamma functions (see §22.1), and use B(x, y) and Ix to refer to the Beta functions (see §22.2).
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1.2 Continuous Distributions

Notation FX(x) fX(x) E [X] V [X] MX(s)
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We use the rate parameterization where � =

1
� . Some textbooks use � as scale parameter instead [6].
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